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import numpy as np (%%;:%_ é\@'fi% L/f: PYThonj— F‘)

import pandas as pd

import sklearn

from sklearn.model_selection import train_test_split

from sklearn.ensemble import RandomForestClassifier

from sklearn.metrics import roc_auc_score, accuracy_score, recall_score, precision_score, f|_score, confusion_matrix
from sklearn.model_selection import cross_val_score

from imblearn.ensemble import BalancedBaggingClassifier

df = pd.DataFrame(xI("' B LEE (/%) (python)'!A1:CC442", headers=True))

test = pd.DataFrame(xI("Sheet5!A:Y2", headers=True))

df = df[['SF&e', WETA, 5, G 2Y",  BHBRRN, RE (EXR) ,'RE (BEESL) ,'RRE, TR, ZOhEOL R, AW,
'AK',RURY','RUAA','ZoMb (F8) ', REMR', @EMRA', % £/EHA, S$HBEMA, XIREA', FRERE',
'‘zofh (2R) ', ERL',' S5, A - BE', BEX']]

X = df.drop('BEi&', axis=1)

y = df['BEi%’]

X_train, X_test, y_train, y_test = train_test_split(X, y, test_size=0.3, random_state=100, stratify=y)

base_estimator = RandomForestClassifier(n_estimators=100,max_depth=8,random_state=42,class_weight='balanced")

model=BalancedBaggingClassifier(estimator=base_estimator,n_estimators=10,sampling_strategy='auto',replacement=False,
random_state=42)

model.fit(X_train, y_train)

train_cols = X.columns

test = test[train_cols]

pred_proba = model.predict_proba(test)[:, |]
print("Test set prediction probabilities:", pred_proba)
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